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Abstract

Background: Short-video platforms are common health-information sources, but lumbar disc herniation
(LDH) videos may vary in quality and reliability.
Objective: To compare Chinese-language LDH videos on TikTok and Bilibili and examine associations
with platform, source, and engagement.
Methods: This cross-sectional study assessed 200 videos (100 per platform) collected February 28, 2025.
Human raters evaluated quality using the 5-point Global Quality Score (GQS) and reliability using an
eight-item modified DISCERN scale. Analyses used nonparametric comparisons, Holm-adjusted tests,
Spearman correlations, and proportional-odds ordinal regression.
Results: Platforms differed in source, specialty, broad content, and presentation (all P < 0.001), but not
LDH topic (P = 0.441). Physicians produced 85% of TikTok and 61% of Bilibili videos. Median GQS
was 3 on both platforms (P = 0.297), with similar reliability distributions (P = 0.816). Compared with
physician videos, independent-user videos had lower adjusted odds of higher GQS (OR 0.29, 95% CI
0.13-0.63; P = 0.002) and reliability (OR 0.40, 95% CI 0.18-0.88; P = 0.023). Platform and engagement
were not independently associated with either outcome.
Conclusions: Source was more informative than platform or engagement. Engagement should not
replace clinical credibility when evaluating short-video health information.

Keywords: lumbar disc herniation; health information quality; social media; TikTok; Bilibili; short video; modified
DISCERN

1. Introduction

Lumbar disc herniation (LDH) is a common spinal disorder in which displaced disc material can
irritate or compress neural structures and produce low-back pain, radiculopathy, sensory or motor
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deficits, and functional limitation (Zhang et al. 2023; Pojskic et al. 2024). Although many patients
improve with conservative management, accurate information about red flags, treatment options,
indications for surgery, and rehabilitation is important for informed decision-making.

Patients increasingly obtain such information from the Internet and social media rather than
relying exclusively on face-to-face clinical encounters. Short-video platforms can improve the
accessibility and immediacy of patient education, but the low threshold for content production also
allows incomplete, unbalanced, or misleading medical claims to circulate widely (Fareed et al. 2020;
He et al. 2023; Sun et al. 2023; Hong et al. 2022). Popularity metrics may further shape visibility
without necessarily reflecting scientific quality.

Previous studies have evaluated health-information quality on YouTube and short-video platforms
across multiple conditions, including gallstone disease, diabetes, chronic obstructive pulmonary
disease, dermatologic disorders, psychiatric conditions, and cancer (Sun et al. 2023; Gad et al. 2022;
Yilmaz et al. 2022; Etzel et al. 2021; Arslan et al. 2022; Basch et al. 2021; Comp et al. 2020;
Rehman et al. 2022; Yeung et al. 2022; Samuel et al. 2022; Song et al. 2021; Kong et al. 2021; Han
et al. 2022; Hu et al. 2022). However, evidence regarding LDH is limited, and few studies have
directly compared the content ecology and information quality of TikTok and Bilibili using the
same sampling and scoring framework.

Accordingly, this study compared the sources, content characteristics, information quality, and
reliability of Chinese-language LDH videos on TikTok and Bilibili. We further examined whether
video source and user engagement were associated with higher GQS and modified DISCERN
reliability categories after accounting for platform and basic video characteristics.

2. Methods

2.1 Search Strategy and Data Collection

A cross-sectional search was performed on TikTok and Bilibili on February 28, 2025, using the
Chinese terms “腰椎间盘突出” (lumbar disc herniation) and “腰椎间盘突出症” (lumbar disc
herniation syndrome). For each platform, a new account without prior viewing history was used to
reduce personalization. The default platform ranking was recorded, duplicate and ineligible videos
were excluded, and 100 videos per platform were retained for analysis (Figure 1).

The search environment was standardized as far as practicable. We did not attempt to reconstruct
proprietary recommendation algorithms; instead, videos were sampled according to the default
ranking presented to the standardized accounts at the time of data collection.

The final analytic sample comprised 200 videos. Extracted variables included video source, medical
specialty, broad content category, disease-knowledge topic, presentation form, likes, comments,
saves, shares, days since publication, video duration, and creator follower count. The two platform
samples were combined for pooled analyses, with platform retained as a model covariate.

Textual content extraction and AI-assisted scoring using OpenAI GPT-5.6 were conducted for
exploratory purposes. Primary analyses used human-rated GQS and modified DISCERN outcomes
from the 200-video master dataset; AI-derived scores were not used as primary outcomes.

2.2 Classification of Videos

Video sources were classified as (1) physicians/medical professionals, (2) news organizations, or (3)
independent users. Video content was categorized by the predominant presentation type (disease-
related knowledge, outpatient/clinical scene, personal experience, or other) and by the principal LDH
topic (prevention, diagnosis, symptoms, disease overview, rehabilitation, or treatment). Medical-
professional videos were additionally classified by specialty for exploratory subgroup comparisons.
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2.3 Video Quality and Reliability Assessments

Information quality was assessed using the Global Quality Score (GQS), a 5-point global rating in
which higher scores indicate better flow, completeness, and usefulness. Reliability was evaluated
with an eight-item modified DISCERN instrument. In the master dataset, modified DISCERN
results were stored as five ordered reliability categories: category 1 corresponded to a score of 1;
category 2 to scores 2-3; category 3 to scores 4-5; category 4 to scores 6-7; and category 5 to a
score of 8. For the 100 videos with a paired secondary scoring sheet, agreement was evaluated
using quadratic-weighted Cohen kappa after applying the same five-category transformation to the
secondary modified DISCERN scores.

2.4 Statistical Analysis

Continuous variables were summarized using the median and interquartile range (IQR), and cate-
gorical variables using counts and percentages. Platform differences in categorical characteristics
were assessed with chi-square statistics; Monte Carlo permutation P values were used for sparse
contingency tables. GQS and modified DISCERN categories were compared using Mann-Whitney
U tests for two-group comparisons and Kruskal-Wallis tests for three or more groups. Dunn pairwise
comparisons were adjusted using the Holm method. Spearman rank correlations were used for
video metrics. Because likes, comments, saves, and shares were highly intercorrelated, the primary
multivariable model used a single engagement index defined as the mean of standardized ln(1+x)-
transformed likes, comments, saves, and shares, standardized again to one SD. Proportional-odds
ordinal logistic regression modeled the odds of being in a higher GQS or modified DISCERN
category. The prespecified primary covariates were platform, video source, log-transformed video
duration, log-transformed days since upload, and engagement index. Broad content was evaluated
separately and in sensitivity analysis because it was strongly structurally associated with platform.
Adjusted odds ratios (ORs), 95% confidence intervals (CIs), and two-sided P values are reported;
P<0.05 was considered statistically significant.

3. Results

3.1 Video Characteristics

A total of 200 videos were analyzed, comprising 100 TikTok and 100 Bilibili videos. Platform was
associated with video source, medical specialty, broad content, and presentation form (all P<0.001),
whereas disease-knowledge topic distributions were similar (P=0.441). The largest compositional
differences involved broad content and medical specialty: TikTok contained 62 outpatient-scene
videos, whereas Bilibili contained none; conversely, disease-knowledge videos accounted for 87% of
Bilibili videos compared with 30% of TikTok videos.

Physicians accounted for 85% (85/100) of TikTok videos, followed by independent users (9%) and
news organizations (6%). On Bilibili, physicians accounted for 61% (61/100), news organizations for
20%, and independent users for 19%. Broad content also differed markedly: TikTok was dominated
by outpatient-scene videos (62%), whereas Bilibili was dominated by disease-knowledge videos
(87%) (Figure 2).

3.2 Video Quality and Reliability Assessments

Video source was associated with GQS (Kruskal-Wallis P=0.004) and modified DISCERN reliability
category (P=0.041) (Figure 4). After Holm adjustment, independent-user videos had lower GQS
than physician videos (adjusted P=0.005) and news-organization videos (adjusted P=0.009), whereas
physicians and news organizations did not differ. For modified DISCERN, no individual pairwise
contrast remained significant after Holm adjustment despite the significant overall test. Broad
content category was not associated with GQS (P=0.281) or modified DISCERN reliability category
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(P=0.359) (Figure 5). Medical-specialty comparisons were also non-significant for GQS (P=0.694)
and modified DISCERN (P=0.619); these sparse subgroup analyses are best considered exploratory.

In the available paired 100-video scoring subset, exact agreement was 66% for GQS and 79%
for the five-level modified DISCERN reliability category. Quadratic-weighted kappa was 0.556
(95% bootstrap CI 0.368-0.717) for GQS and 0.673 (95% bootstrap CI 0.497-0.827) for modified
DISCERN category, indicating moderate-to-substantial ordinal agreement. Secondary ratings were
available for 100 videos; therefore, these agreement estimates apply only to that subset.

3.3 Correlation and Ordinal Regression Analyses

Engagement variables were strongly intercorrelated (Table 8). The strongest association was between
saves and shares (Spearman rho=0.9214, P<0.001). Likes were not significantly correlated with
duration (rho=-0.0959, P=0.177). Engagement metrics were not significantly correlated with human-
rated quality in the full 200-video dataset (Table 9). Likes, comments, saves, and shares were not
significantly correlated with GQS or modified DISCERN category. Only follower count showed
a weak unadjusted positive correlation with GQS (rho=0.144, P=0.042), while its correlation with
modified DISCERN category did not reach significance (rho=0.130, P=0.067).

4. Discussion

4.1 Principal Findings

Using the verified 200-video master dataset, this study yielded four clinically relevant findings.
First, TikTok and Bilibili showed markedly different content ecologies, particularly in uploader
composition, medical specialty, broad content category, and presentation form. Second, despite these
compositional differences, the overall quality of LDH-related videos remained moderate, and platform
itself was not independently associated with a higher GQS or modified DISCERN category. Third,
information provenance was more informative than platform identity: compared with physician-
generated videos, independent-user videos had 71% lower adjusted odds of occupying a higher GQS
category and 60% lower adjusted odds of occupying a higher modified DISCERN category. Fourth,
popularity was not a reliable marker of quality. Likes, comments, saves, and shares were strongly
intercorrelated, but neither individual engagement metrics nor the composite engagement index
was independently associated with human-rated quality or reliability. Taken together, these findings
suggest that who produces the information may matter more than where it is posted or how much
attention it receives.

4.2 Comparison With Existing LDH and Spine-Related Evidence

Our findings are broadly consistent with the emerging literature on online information for spinal
disorders. A recent four-platform study of 384 LDH-related short videos from Douyin, Bilibili,
Kuaishou, and Xiaohongshu reported generally low information quality, with a mean GQS of
approximately 2 and low DISCERN scores; treatment was the most frequently covered topic,
appearing in more than four-fifths of videos (Wang et al. 2025). The median GQS of 3 observed in
our sample therefore appears somewhat higher, but direct numerical comparison should be avoided
because the studies differed in platform mix, sampling frame, ranking strategy, and implementation
of DISCERN. More importantly, both studies converge on the same practical message: highly visible
LDH videos frequently provide only moderate or incomplete patient education and should not be
treated as substitutes for individualized clinical assessment. Earlier work on disc-herniation videos on
YouTube similarly found low overall quality and no significant relationship between video popularity
and DISCERN or JAMA scores (Gokcen and Gumussuyu 2019).

Comparable patterns have also been reported for other spine and musculoskeletal conditions. In
scoliosis-related TikTok videos, professional creators achieved higher quality scores, whereas patient
identity was independently associated with lower GQS in an ordinal regression model (Zhou et
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al. 2025). A 2026 study of cervical-spondylosis videos found an overall median GQS and modified
DISCERN score of 3, with higher scores for orthopedic and rehabilitation professionals and only
weak-to-moderate relationships between engagement and quality (Lin et al. 2026). These findings
are closely aligned with our observation that LDH videos occupy a middle rather than high quality
range and that professional provenance is an important discriminator of credibility.

4.3 Platform Ecology Does Not Necessarily Equal Platform Quality

The marked differences in content composition between TikTok and Bilibili are important, but our
multivariable analysis suggests that platform identity should not be interpreted as a direct quality
determinant. This distinction is supported by recent cross-platform musculoskeletal studies showing
that the direction of platform effects is disease-specific. For osteoarthritis, TikTok achieved higher
GQS, JAMA, and HONcode scores than Bilibili, whereas modified DISCERN did not differ signifi-
cantly (Zuo et al. 2025). In knee-arthroplasty videos, TikTok showed greater engagement and higher
scores across several quality instruments, while Bilibili offered more structured educational formats
and more diverse professional backgrounds (Wei et al. 2026). By contrast, an ankylosing-spondylitis
study found Bilibili superior in academic rigor, although both platforms remained limited in practical
utility (Liu et al. 2026). The lack of a consistent platform hierarchy across conditions suggests
that video quality emerges from the interaction of uploader mix, topic, presentation conventions,
sampling strategy, and the evaluation instrument rather than from a stable intrinsic advantage of one
platform over another.

This interpretation is especially relevant to our dataset because TikTok contained more physician-
generated and outpatient-scene videos, whereas Bilibili containedmore disease-knowledge videos and
a larger contribution from news organizations and independent users. Such ecological differences can
shape crude platform comparisons even when the platform coefficient becomes non-significant after
adjustment. Accordingly, future comparative studies should report both platform-level descriptive
differences and source-adjusted models rather than treating platform as a single causal exposure.

4.4 Professional Provenance and the Limits of Credential-Based Trust

The most robust signal in our study was uploader source. Independent-user videos were significantly
less likely than physician-generated videos to achieve higher quality and reliability categories, and
this pattern remained after adjustment for platform, content, duration, recency, and engagement.
This finding is consistent with recent studies of scoliosis, osteoarthritis, knee arthroplasty, ankylosing
spondylitis, and cervical spondylosis, all of which identified professional involvement as an important
contributor to information quality in at least some domains (Zhou et al. 2025; Zuo et al. 2025; Wei
et al. 2026; Liu et al. 2026; Lin et al. 2026). It also supports the practical value of transparent creator
identity and credential verification on health-information platforms.

However, professional authorship should not be equated with automatically high-quality com-
munication. In our study, median scores among the major source groups remained near the middle
of the scales, indicating that credentialed creators may still omit references, areas of uncertainty,
alternatives, prognosis, or limitations of treatment. Short-form communication can compress com-
plex clinical decisions into simplified messages, and professional status cannot compensate for absent
evidence or incomplete context. The more defensible implication is therefore not simply to promote
physician-generated videos, but to encourage physician-generated videos that also provide source
attribution, balanced discussion of options, explicit uncertainty, and clear boundaries between general
education and individualized medical advice.

4.5 Popularity Is an Attention Signal, Not a Quality Signal

Engagement measures were highly correlated with one another, but individual metrics were not
significantly associated with human-rated GQS or modified DISCERN reliability categories. The
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adjusted engagement index was also not significantly associated with either outcome. This result
is consistent with the earlier YouTube disc-herniation study (Gokcen and Gumussuyu 2019) and
with the recent ankylosing-spondylitis analysis, in which quality and popularity were essentially
disconnected (Liu et al. 2026).

At the same time, the broader literature is heterogeneous. Osteoarthritis-related videos showed
positive associations between several engagement metrics and quality measures (Zuo et al. 2025),
while scoliosis videos identified collections and duration as independent correlates of higher GQS
(Zhou et al. 2025). Knee-arthroplasty research also found that engagement correlated with some
production- or usability-oriented measures but not consistently with modified DISCERN (Wei et
al. 2026), and cervical-spondylosis videos showed only weak-to-moderate correlations (Lin et al.
2026). These divergent results are important because they argue against a universal rule that popular
videos are either better or worse. Engagement is likely influenced by topic salience, emotional appeal,
creator visibility, video length, production quality, and platform-specific exposure. Therefore, likes
or saves should be treated as measures of reach or attention, not as surrogate markers of clinical
accuracy.

4.6 Content Coverage and Clinical Relevance

Broad content category was not significantly associated with GQS or modified DISCERN in
our analyses, but this does not mean that all content domains were equally complete or clinically
useful. The recent four-platform LDH study showed a pronounced emphasis on treatment, with
much less coverage of diagnosis and other aspects of disease management (Wang et al. 2025). For
LDH, patient education is most useful when it places treatment within a broader clinical pathway
that includes symptom interpretation, red-flag recognition, expected natural history, conservative
management, indications for imaging, indications for surgery, rehabilitation, and the limits of self-
management. The WFNS recommendations similarly emphasize that diagnosis and management
require integration of clinical and radiologic information rather than reliance on isolated symptoms
or imaging findings (Pojskic et al. 2024).

This distinction also highlights a limitation of broad global scoring tools. A video may receive a
moderate GQS because it is understandable and reasonably useful yet still omit a clinically important
domain. Conversely, a focused video on one narrow topic may be accurate but score lower because
it is intentionally incomplete. Future LDH studies would therefore benefit from pairing GQS and
modified DISCERN with a prespecified, guideline-based content checklist that separately evaluates
core domains such as diagnosis, red flags, conservative care, rehabilitation, surgical indications,
prognosis, and safety. This would allow investigators to distinguish general communication quality
from disease-specific completeness.

4.7 Measurement and Methodological Implications

GQS and modified DISCERN remain useful because they are simple, reproducible, and widely
used in health-information research, but they assess overlapping rather than identical constructs.
GQS emphasizes overall flow, usefulness, and patient-oriented quality, whereas modified DISCERN
emphasizes transparency and reliability. Recent musculoskeletal studies increasingly combine these
measures with JAMA benchmarks, PEMAT, VIQI, or HONcode to capture source transparency,
audiovisual quality, understandability, and actionability (Zuo et al. 2025; Wei et al. 2026; Lin
et al. 2026). This multidimensional approach may be particularly valuable for LDH, because
visually demonstrated exercises or self-management maneuvers can be misleading even when the
accompanying text appears credible.

Our study also illustrates why ordinal modeling is preferable to treating these bounded scores as
count outcomes. Both GQS and the retained modified DISCERN categories are ordered measures
with a finite number of levels. Proportional-odds ordinal regression therefore provides an interpretable
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estimate of the odds of occupying a higher quality category while respecting the ordinal structure.
Nevertheless, the master dataset retained modified DISCERN as five ordered categories rather than
the original item-level or exact total score, which reduced granularity and precluded item-level
reliability analysis across all 200 videos. Future studies should preserve the original item-level ratings
whenever possible.

4.8 Implications for Patients, Clinicians, and Platforms

The findings have implications at three levels. For patients, high engagement should not be inter-
preted as evidence of medical reliability; creator credentials, cited sources, balanced discussion, and
consistency with professional guidance are more defensible signals. For clinicians, the goal should
be to combine professional credibility with communication strategies suited to short-form media:
concise but structured explanations, clear red flags, realistic expectations, references to authoritative
guidance, and explicit advice about when in-person evaluation is necessary. For platforms, verifi-
cation badges alone are unlikely to be sufficient. Health-related recommendation and moderation
systems could place greater weight on transparent professional identity, source citation, disclosure of
uncertainty, and removal or labeling of demonstrably misleading claims rather than relying primarily
on interaction volume.

Importantly, our data do not directly test platform algorithms, ranking mechanisms, or down-
stream patient behavior. These recommendations should therefore be understood as risk-reduction
strategies derived from observed associations rather than evidence that a particular algorithm causes
misinformation. Prospective studies linking video exposure to patient knowledge, treatment choices,
adherence, and clinical outcomes would provide a stronger basis for platform-level policy.

4.9 Strengths and Limitations

This study has several strengths. Videos were collected using a standardized same-day search strategy
with newly created accounts, the two platforms contributed equal sample sizes, and the final analysis
was based on a verified 200-row master dataset. Human ratings were separated from engagement
metrics, nonparametric methods were used for ordinal outcomes, pairwise testing incorporated
multiplicity control, and the multivariable analysis used proportional-odds ordinal regression rather
than Poisson regression. In addition, the inclusion of platform, source, content, duration, recency,
and a standardized engagement index allowed the analysis to distinguish compositional platform
differences from independent predictors of quality.

Several limitations should be considered. First, the study represents a cross-sectional snapshot
of highly ranked videos on a single date; platform rankings, creator behavior, and engagement
counts are dynamic. Second, only the top 100 eligible videos per platform were included, so the
sample reflects high-visibility search results rather than the full universe of LDH content. Third,
the two platforms have different user communities, video conventions, and exposure mechanisms,
and our dataset did not contain denominator-level impressions, watch time, completion rate, or
recommendation history; consequently, engagement counts cannot be interpreted as standardized
exposure measures. Fourth, modified DISCERN was retained as five ordered reliability categories
rather than the original item-level or exact total score, limiting granularity. Fifth, paired secondary
ratings were available for only 100 videos, so the inter-rater reliability estimates apply to that subset.
Sixth, some specialty subgroups were extremely small, including only one neurosurgery video, and
several specialties were absent from one platform, limiting power for specialty comparisons. Seventh,
GQS and modified DISCERN do not directly measure factual accuracy of visual demonstrations,
guideline concordance, readability, or patient actionability. Finally, because this was an observational
content analysis, the associations between uploader source and quality should not be interpreted as
causal.
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5. Conclusions

Among 200 Chinese-language LDH videos, TikTok and Bilibili differed markedly in source and con-
tent composition but not in overall GQS or modified DISCERN reliability distributions. Independent-
user sourcewas independently associatedwith lower odds of higher quality and reliability, whereas the
engagement index was not. These findings support prioritizing transparent professional provenance
and evidence-based content standards rather than popularity metrics when patients use short-video
platforms for LDH information.
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Table 1. Global Quality Score criteria used to assess the quality of lumbar disc herniation-related videos.

Scale Description

1 poor quality, poor flow of the site, most information missing, not at all useful for patients

2 Generally poor quality and poor flow, some information listed but many important topics missing,

of very limited use to patients

3 Moderate quality and flow; some important information is adequately discussed while other topics

are incomplete; somewhat useful for patients.

4 Good quality and generally good flow, most of the relevant information is listed, but some topics

not covered, useful for patients

5 Excellent quality and excellent flow, very useful for patients

Table 2. Reliability-related DISCERN questions used in the eight-itemmodified DISCERN assessment.

DISCERN Description

Question 1 Are the aims clear?

Question 2 Does it achieve its aims?

Question 3 Is it relevant?

Question 4 Is it clear what sources of information were used to compile the publication (other than the

author or producer)?

Question 5 Is it clear when the information used or reported in the publication was produced?

Question 6 Is it balanced and unbiased?

Question 7 Does it provide details of additional sources of support and information?

Question 8 Does it refer to areas of uncertainty?



50 Chen Wang et al.

Table 3. Operational interpretation of GQS andmodified DISCERN scores.

Scale, score Interpretation

GQS

1 Very poor

2 Poor

3 Fair/moderate

4 Good

5 Excellent

Modified DISCERN

1 Unreliable

2-3 Less reliable

4-5 Fairly reliable

6-7 Relatively reliable

8 Reliable
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Table 4. Characteristics of lumbar disc herniation-related videos on TikTok and Bilibili.

Variable Total (N=200) TikTok (n=100) Bilibili (n=100) P value

Video source <0.001

Physicians 146 85 61

News organizations 26 6 20

Independent users 28 9 19

Medical specialty <0.001

Orthopedic surgery 81 58 23

Pain medicine 19 10 9

Rehabilitation 22 6 16

Neurosurgery 1 1 0

Chinese medicine 19 5 14

Imaging department 43 4 39

Other 15 15 0

Broad content category <0.001

Disease-related knowledge 117 30 87

Outpatient scene 62 62 0

Personal experience 19 8 11

Other 2 0 2

LDH topic 0.441

Prevention 34 18 16

Diagnosis 29 17 12

Symptoms 29 14 15

Disease overview 26 10 16

Rehabilitation 43 18 25

Treatment 39 23 16

Presentation format <0.001

Expert monologue 134 75 59

Animation 20 11 9

Patient vlog 29 1 28

Images and literature 16 12 4

Other 1 1 0
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Table 5. Engagement characteristics of TikTok videos according to source and content category.

Variable Likes Comments Shares Saves Days

since

pub-

lished

Duration

Video sources (n=100), median (IQR)

Physicians (n=85) 10876 (5,

320000)

402 (0,

13000)

3383 (0,

146000)

4603 (2,

393000)

35 (1,

605)

67 (6,

218)

News organizations (n=6) 1663.5

(33,

16000)

513 (2,

2682)

689.5 (0,

2268)

1836 (34,

3908)

354.25 (1,

782)

123.75

(21, 721)

Independent users (n=9) 19806

(1687,

44000)

431 (93,

8302)

7756 (48,

22000)

16766

(277,

43000)

23 (4, 66) 95 (11,

542)

Video content (n=100), median (IQR)

Disease-related knowledge (n=30) 6878.75

(27,

320000)

378.25 (2,

13000)

3433 (0,

110000)

2331.5 (8,

134000)

61.75 (1,

782)

130.25

(11, 542)

Outpatient scene (n=62) 10894.5

(5,

164000)

395.5 (0,

6660)

2809 (0,

146000)

4696.75

(2,

393000)

27.5 (1,

142)

61.25 (6,

218)

Personal experience (n=8) 22293

(449,

44000)

583.5 (3,

8302)

4960.5

(204,

22000)

17417

(765,

43000)

25.25 (2,

66)

168.25

(32, 721)



Health Nexus: Digital Health and Medical AI 53

Table 6. Engagement characteristics of Bilibili videos according to source and content category.

Variable Likes Comments Shares Saves Days

since

pub-

lished

Duration

Video sources (n=100), median (IQR)

Physicians (n=61) 1670 (14,

77000)

183 (1,

1927)

1236 (1,

29000)

2737 (10,

64000)

151 (2,

539)

202 (14,

3587)

News organizations (n=20) 3465.5

(135,

46000)

427 (6,

3308)

2815 (74,

44000)

9134

(273,

64000)

249.75

(11, 435)

858.75

(51,

7545)

Independent users (n=19) 2697.5

(39,

32000)

371.5 (0,

2586)

1465.5 (1,

19000)

7258.5

(16,

79000)

356 (2,

625)

602.5 (77,

1895)

Video content (n=100), median (IQR)

Disease-related knowledge (n=87) 20 (27,

320000)

184 (1,

1927)

1081 (1,

29000)

3584 (10,

64000)

194.5 (2,

539)

273 (14,

3587)

Personal experience (n=11) 16064.5

(39,

64000)

1212 (0,

3308)

9393 (1,

44000)

25430

(35,

79000)

393 (2,

625)

550 (160,

1895)

Other (n=2) 5548.5

(4903,

16000)

1008

(520,

2536)

7803

(5394,

21000)

17000

(19000,

53000)

149.5

(136,

435)

3232.5

(1080,

7545)
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Table 7. Distribution of GQS and five-level modified DISCERN reliability categories for TikTok and Bilibili videos.

Scale / category TikTok (n=100), n (%) Bilibili (n=100), n (%)

GQS

1 (Very poor) 16 (16%) 8 (8%)

2 (Poor) 24 (24%) 32 (32%)

3 (Moderate) 21 (21%) 37 (37%)

4 (Good) 24 (24%) 19 (19%)

5 (Excellent) 15 (15%) 4 (4%)

Modified DISCERN reliability category

1 (Unreliable; score 1) 4 (4%) 4 (4%)

2 (Less reliable; scores 2-3) 31 (31%) 26 (26%)

3 (Fairly reliable; scores 4-5) 30 (30%) 41 (41%)

4 (Relatively reliable; scores 6-7) 28 (28%) 26 (26%)

5 (Reliable; score 8) 7 (7%) 3 (3%)

Platform comparison: GQS Mann-Whitney U P=0.297

Platform comparison: modified DISCERN category Mann-Whitney U P=0.816
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Table 8. Spearman correlations among engagement and temporal variables.

Variable Likes Comments Saves Shares Days since

published

Duration

Likes

rho 1.0000 0.3444 0.6758 0.7443 0.1677 -0.0959

P value <0.001 <0.001 <0.001 <0.001 0.0176 0.1767

Comments

rho 0.3444 1.0000 0.7638 0.7429 0.6110 0.3965

P value <0.001 <0.001 <0.001 <0.001 <0.001 <0.001

Saves

rho 0.6758 0.7638 1.0000 0.9214 0.5190 0.2683

P value <0.001 <0.001 <0.001 <0.001 <0.001 0.0001

Shares

rho 0.7443 0.7429 0.9214 1.0000 0.4688 0.1686

P value <0.001 <0.001 <0.001 <0.001 <0.001 0.0170

Days since published

rho 0.1677 0.6110 0.5190 0.4688 1.0000 0.4271

P value 0.0176 <0.001 <0.001 <0.001 <0.001 <0.001

Duration

rho -0.0959 0.3965 0.2683 0.1686 0.4271 1.0000

P value 0.1767 <0.001 0.0001 0.0170 <0.001 <0.001
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Table 9. Spearman correlations between video metrics and human-rated GQS andmodified DISCERN reliability categories
in the full 200-video dataset.

Videometric GQS, rho P value Modified DISCERN

category, rho

P value

Likes -0.076 0.286 -0.081 0.253

Comments -0.092 0.197 -0.038 0.594

Saves -0.117 0.098 -0.076 0.288

Shares -0.114 0.109 -0.072 0.310

Days since published -0.108 0.127 -0.032 0.654

Duration -0.008 0.905 -0.025 0.726

Followers 0.144 0.042 0.130 0.067
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Table 10. Primary proportional-odds ordinal logistic regression for higher GQS category. OR>1 indicates higher odds of
being in a higher GQS category.

Predictor Adjusted OR for

higher GQS

95% CI P value Reference / scale

Bilibili 0.83 0.43-1.60 0.582 TikTok

News agencies 1.27 0.60-2.71 0.534 Physicians

Independent users 0.29 0.13-0.63 0.002 Physicians

Video duration 1.24 0.92-1.67 0.156 Per SD of ln(1+x)

Days since upload 0.81 0.56-1.17 0.270 Per SD of ln(1+x)

Engagement index 0.93 0.68-1.28 0.663 Per SD

Table 11. Primary proportional-odds ordinal logistic regression for higher modified DISCERN reliability category. OR>1
indicates higher odds of being in a higher reliability category.

Predictor Adjusted OR for

higher modified

DISCERN category

95% CI P value Reference / scale

Bilibili 1.03 0.53-1.99 0.941 TikTok

News agencies 1.31 0.59-2.90 0.513 Physicians

Independent users 0.40 0.18-0.88 0.023 Physicians

Video duration 1.10 0.80-1.50 0.569 Per SD of ln(1+x)

Days since upload 0.89 0.61-1.29 0.531 Per SD of ln(1+x)

Engagement index 0.95 0.69-1.31 0.757 Per SD
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Figure 1. Search and screening process for lumbar disc herniation-related videos on TikTok and Bilibili.

Figure 2. Platform composition of lumbar disc herniation-related videos. (A) Video source distribution. (B) Broad video
content distribution. Percentages are based on 100 videos per platform.
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Figure 3. Ordinal distributions of information quality and reliability by platform. (A) Global Quality Score (GQS). (B) Five-level
reliability category derived from the eight-itemmodified DISCERN score. P values are from two-sided Mann-Whitney U tests.

Figure 4. Human-rated GQS and modified DISCERN reliability categories according to video source. Boxes show the
interquartile range with the median; points show individual videos. Overall P values are from Kruskal-Wallis tests. Pairwise
GQS P values are Holm-adjusted Dunn comparisons.
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Figure 5. Human-rated GQS andmodified DISCERN reliability categories according to broad video content. Boxes show the
interquartile range with the median; points show individual videos. Overall P values are from Kruskal-Wallis tests.

Figure 6. Multivariable proportional-odds ordinal logistic regression for higher (A) GQS and (B) modified DISCERN reliability
categories. Adjusted odds ratios (ORs) are shown with 95% CIs. Primary models included platform, video source, log-
transformed video duration, log-transformed days since upload, and a standardized engagement index.


